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Abstract

Causal logic, as one of the four fundamental logical relations, plays a pivotal role in ensuring co-
herence and fluency in English writing. Consequently, this study draws upon the ETS and LOCNESS
corpora to conduct a comparative analysis of similarities and differences in the usage of causal
connectives between Chinese English learners and native English speakers, as well as identifying
distinctive features among Chinese learners across varying proficiency levels. The findings reveal
that Chinese English learners overall employ causal connectives more frequently than native
speakers, particularly favoring colloquial connectives, such as so and because. In contrast, their
usage of terms like since, hence, and as a result differs from that of native speakers, though not as
markedly as with so and because. However, they demonstrate a closer alignment with native
speaker habits in the usage of words like therefore, consequently, and due to. Additionally, the
study highlights a clear gradation in the use of causal connectives among Chinese English learners
across different performance levels. High-achieving learners exhibit a more sophisticated com-
mand of language, while low-achieving students show a preference for colloquial and straightfor-
ward expressions. Middle-achieving students fall somewhere in between. Finally, the study sum-
marizes three categories of errors related to causal connectives among Chinese English learners:
misuse, overuse, and omission of causal connectives. This categorization aims to offer instructors
insights for better guiding students on the use of causal connectives, thereby helping to enhance
students’ English writing proficiency.
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2. R
2.1. HREEMTTE

1) SARIEEMEL, o E S 3] 8 B AR R ARG R B AR A 5 A 2

2) ANF RGBT e 5 2] 3 AR h R RGE R A 2 A Ak

AT Halliday & Hasan [T EIE HF 225 A S 1 S0 Hoxt R RS 28] 1 73 S-PnE[2] [S]MiH
RN RE R AR R R RO R 7 e im il . BRI R T =2, R IR AR 1 ek R
JONT 10 IR RGERA, eI H T BUTR BEERGERGR, R R 1R,

Table 1. Classification of causal connectives

= 1 ERERAN D 3

P Al
18] () So; because; since
R, So; therefore; thus; hence; as a result;
=B T 1 1 1 1 ]
il (1 8) consequently; accordingly
A1 (FEIE) due to; because of

2.2. IBRIKIR

AHFFRA T “ETS” (AFRHEIIE S IEERE)M “LOCNESS” (J:iE BHE S EERVE). ETS WHkHE
R HEAEE BHE A LIRS 1 12,100 B CEES, X ERENER S IR0 . XI5 RE AR kK
H 11 FA IR E S AR ST BB 12 I E B SR, JRE S T — R8I BLRA F 4 BB (R )
AN, T AR MBI, A2 N ETS TERHZE ik e [ 2226 104 SCH TR 9

LOCNESS ifkHRESES: T HyEiE A RHE IR E B S 10— RIUESC, SibiEid 320,000 7. 1ZiHkE
(¥ 5 FIEAE TR At 7 — AN AT S SR 4 BT 90 BHE 2 I SRR, 300 TR S 9B /E 58 i S
FAFMEEIRIONEZ. Bk, W LURAZIE R R ST LB I, KRR BRE AN RS 2 (A7 S5 1F
A gER . A S T ZE R XA LR, W DUR AR ECE i, B ARSE BEE R
F AT S FE L A
23. MALR

S0, BRI R AW IR0 D 3R Kok ETS 1ERLZE S\ R Studio # o A FRHREURRTE Hy ZHO(H
IRl AR R AR 7 00 R — (A M it LUK ZHO (BRI B sy P AR S AN RGR B 2R
ST (e e O W S T EP S AW L S TP

library(dplyr)

region Jy ZHO ¥
ets_zho < filter(ets_df, region == “ZHO")

# QI =ATH: HIGH, MEDIUM, LOW
i “HIGH™)
= “MEDIUM")

SE, quote = FALSE)

xt”, sep = “t”, row.names = FALSE, quote = FALSE)

Figure 1. R code for filtering different score ranges in the ZHO corpus
B 1. %k ZHO NEIKE LR R XA

»

T
i

4
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Table 2. ETS_ZHO corpus and LOCNESS corpus
Fz 2. ETS_ZHO JERLEEF LOCNESS JEH} EE

Corpus Tokens
ETS_ZHO 359,287
LOCNESS 326,384

Table 3. ETS_ZHO corpus for high, medium and low performance
= 3. ETS_ZHO SRS ERE

Corpus Tokens
ETS_ZHO_HIGH 103,864
ETS_ZHO_MEDIUM 233,300
ETS_ZHO_LOW 22,123

B0, RRIEBRESRIERNREERER. $T “so” fEI0E T nlRe/E LR Bl RS T 2% 7 8
YERFEIE “sothat” F1 “soasto” LA tHIN, B “since” FEJUEHRRT “BIRN” &H “He - L
k7 G Bk, AR DIR— L KRR E S, JRIRIE R 1 5 hadE, SHT Wordsmith 8.0
WA T R BT R R IRl T AR B0 A B AN A DR SR B ) e S S o g 24 0 e A9 B P B HE R EE N
Excel 4%, LMERE—50M. toh, %F ETS ZHO BRE R AR MSE(F H. ) EREREA
P, PRI, AU = A EE S 2R I R SR ] (AR AT T AR AR, N 10 3R AOAH
X ARE I

St F TR HER SRR RS )G, K excel.esv B\ R Studio FEEIEHE, 45 excel %
ot Lo KBRS X, I BRGE R P AT HdR AL B/ Az i ¥R [9]. ETS_ZHO ik E S
LOCNESS 5} 12 o [R L 417 (456 FH AR (BB 40) W4 4 Btz ETS_ZHO iEkHEF &, o RSB
AR R v DR SR IR A4 AR S (8 ) 2 5 B o AHSRARAD B3] 2 B

library(tidyr)
LOCNESS_df <- read.csv(“C:/Users/82050/Desktop/ETS and LOCNESS.csv™)
mydf_three <- read.csv(“C:/Users/82050/Desktop/y *F i A 3% 334 word.csv™)

# K SR X HAR F O KR

LOCNESS_df <- pivot_longer(LOCNESS_df, cols = -corpus, names_to = “Connective”, values_to =
“Frequency™)

View((LOCNESS_df))

mydf_three <- pivot_longer(mydf_three, cols = -Grade, names_to = “Connective”, values_to = “Relative

Frequency™)

View((mydf_three))

Figure 2. R code for filtering causal connectives
2. TREESEFRN R KB

Table 4. Causal connectives in the ETS_ZHO and LOCNESS
%% 4. ETS_ZHO 5 LOCNESS Yy [E R iZEHE1R

Corpus Connective Frequency
1 ETS_ZHO S0 834
2 ETS_ZHO because 1015

T
i

4
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gk
3 ETS_ZHO since 187
4 ETS_ZHO therefore 332
5 ETS_ZHO thus 151
6 ETS ZHO hence 51
7 ETS ZHO as a result 99
8 ETS_ZHO consequently 32
9 ETS_ZHO accordingly 10
10 ETS_ZHO due to 116
11 ETS ZHO because of 172
12 LOCNESS S0 305
13 LOCNESS because 665
14 LOCNESS since 82
15 LOCNESS therefore 304
16 LOCNESS thus 139

Table 5. Causal connectives across different score ranges in ETS_ZHO

#z 5. ETS_ZHO A E RS ER F B E RiEHER

Grade Connective Relative Frequency

1 High S0 152.12
2 High because 223.37
3 High since 77.03
4 High therefore 124.20
5 High thus 61.61
6 High hence 19.26
7 High as aresult 36.57
8 High consequently 13.48
9 High accordingly 1.96

10 High due to 44.29
11 High because of 33.70
12 Medium S0 254.18
13 Medium because 301.76
14 Medium since 45.01
15 Medium therefore 82.73
16 Medium thus 35.58

=20, ETS_ZHO ifikHE 5 LOCNESS 1A} [ AGE #2381 -R T 38 0 M o ASHIE FEIK) 28— T 1]
B AR FL ETS_ZHO ERHEE prop [F 22 A2 A 985 5 /E A LOCNESS ERHE 9 B BHEE IS /E b A
FOERR A IR, PR AL R RIA A Y 22 530, Dk, AWTFUR A RO RRiX — 4t
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HR i AR = A BRETB IR R ] 2 A K R 5 A v DR R3] 1) 4 I AT AT AR 20 W 9 AT 26 1 (R 2 2K
I, B ERTOA R BGE  H FE SE1E 27 > 35 A8 D RSE A A s s

3. ZBRE SR
3.1. ETS_ZHO BRI EES LOCNESS 184 FEE SR EHEFA 94

3.1.1. ETS_ZHO 5 LOCNESS ¢I%§§ﬁ?§ﬂﬂ‘]1§ﬁﬁﬁ$*ﬂﬁ#ﬁ1‘*}ﬂ
K B WA EE TP BT B R S B4 5, B3 R studio AT TR RE R, ACRS R A I an A 3,

4 FioR.

library(tidyr)
library(ggplot2)

LOCNESS_df <- read.csv(“C:/Users/82050/Desktop/ETS and LOCNESS.csv™)

# R TR AR O KRR

LOCNESS_df <- pivot_longer(LOCNESS_df, cols = -corpus, names_to = “Connective”, values_to =
“Frequency™)

View((LOCNESS_df))

HEVREERE
geplot(LOCNESS_df, aes(x = reorder(Connective, -Frequency), y = Frequency, fill = corpus)) +
geom_bar(stat = “identity”, position = position_dodge()) +
labs(x = “Connective”, y = “Frequency”) +
theme_minimal() +
scale_fill_manual(values = ¢(“ETS_ZHO” = “#E7B800”, “LOCNESS” = “#FC4E07")) +
theme(axis.text.x = element text(angle = 15, viust=0.8))
Figure 3. R code for the bar chart of causal connective frequencies in

ETS_ZHO and LOCNESS
[#] 3. ETS_ZHO 5 LOCNESS s FE R EEHFIRHFF ER R RS

1000
750
E corpus
% 500 ETS ZHO
o
& B cocness
- I I
. [T | e
N e
2e®™° 50 “eﬁﬁ w\sse m\ﬁ e gpce Bt?ﬁ'“\ he»"e‘ q\;e,ﬁ” £ 80%

Connective

Figure 4. The bar chart of causal connective frequencies in ETS_ZHO and LOCNESS
4. ETS_ZHO 5 LOCNESS & R 3iE1Z1a 2 E

4 R, WEEIRIE DR, o IR 93 2% 51 3 5 A o ) SR 3] R Ao PR AR B A e T OB AR 2
YR L, o S 2 O 3 R 2 PR R O A I ) T R A 1 2 B, BINERR] . BVFX 5 JeiB 20y
H O 73 5 A BRI AR R T ERE SR AT R AR . AR TR T CRGR B AT, A3 ]
R BB RS EHE T ME— 7%, A2 T R E R T BT, RAKRE, PESEESE I HEMIGEAR
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R T 3 R IR R 1A (1 B B B AR, (BRI e EAAAAERRZE S, I iR 2% 2] 3 1
i/ “because” F “so” ixX PR A GLIE SR I A4 0 25 5 T OO IE ARG, XA REIE R 1 R E S )
HTE B S 1 S A B X e B R R A RN R R

M, fEfEFH “therefore” ,  “because of” A1 “thus” 25 HAMFEREIF N, W18 FHARR BT, #
BERL LG LT, A 9B 5 o) 35 Re 8 400 vl ARG & A8 =) 458 b4k, 491 4 hence ”, “ consequently ”
A1 “accordingly” 45 1] (145 FH i 6 75 P ME RHZE A EEUIK, X AT e 3 BH X B8 AR 7E B0 SCS AR T A
A

3.1.2. ETS_ZHO 5 LOCNESS FERX&EFHRAMFER ER S

Y B E B AR 5T T [ P AE S S 3R S AE A R A0 DY B A A S e, AR A it
ETS_ZHO 5 LOCNESS #6531 11 28R Wi Baia dh TR 77 ks, ARG E 5 s LS5 ie o
%6 Fn.

library(tidyr)
LOCNESS_df <- read.csv(“C:/Users/82050/Desktop/ETS and LOCNESS.csv™)

rownames( LOCNESS_dfyj=LOCNESS_df[.1]
LOCNESS_df=LOCNESS_df].-1]

#HIAT R TR
chisq.test(LOCNESS_df[.1])
chisq.test(LOCNESS_df].2])
chisq.test(LOCNESS_df],3])
chisq.test(LOCNESS_df[.4])
chisq.test(LOCNESS_df[,5])
chisq.test(LOCNESS_df].6])
chisq.test(LOCNESS_df[.7])
chisq.test(LOCNESS_df].8])
chisq.test(LOCNESS_df[.9])
chisq.test(LOCNESS_df],10])
chisq.test(LOCNESS_df],11])

Figure 5. R code for chi-square test on causal connectives in the

ETS_ZHO and LOCNESS
[ 5. ETS_ZHO 5 LOCNESS FER 2EHIF-F 51 H R K15

Table 6. Chi-square test on causal connectives in the ETS_ZHO and LOCNESS
% 6. ETS_ZHO 5 LOCNESS AR K E#Ei{AF 5181

Causal Connectives X-squared p-value
o) 245.69 <2.2e-16 +
because 72.917 <2.2e-16 +
since 40.985 =1.534e-10 +
therefore 1.2327 =0.2669 -
thus 0.49655 =0.481 -
hence 8.1169 =0.004385 +
as a result 20.25 =6.795e—06 +

[E T AENY

It

T
i

4
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gk
consequently 2.283 =0.1308
accordingly 0 =1
due to 5.0892 =0.02408
because of 0.80055 =0.3709

% 6 o 1 ETEE S 2] (ETS_ZHO) 5 3eif AR 1 3 (LOCNESS) £ A FH AN [F] I8 B3 2] (A e
Mz, H, “so” Al “because” MIRFEHE S, HI PAHIE/NT 0.05, X3/ a fRAE FH A5
Kb, PEEEENE SEERRIES 2 MAEEREES . &6 REFNEEALH, FEIEESS]
FANEAEF “so” F1 “because” X PR BRI FE 4 422 0] 1 Ji ER] AT g A2 X P AN a ARG T oAt 1m] BE {5, BE 5 )
Fo WAMEMERRE, “so” WRITMEMAFE—, WML TINEARBEE, hEEEY JEHAX 11
FER R w2 T “so” . T “so” BAAERE HIEEEL5] [10], 2% HILE NETER R EE
PHENEF, R UG A E S A ) F S AR AR BRI B ]

eAh, XFF “since” , “hence” Fl “asaresult” , EAR P EHM/NT 0.05, SR T &I EMEEE
S, AHARTMER “so” FI “because” E/MFZ, XK BEINFAER R, (HHATHIZRK ZEAL “so0”
Al “because” HMSamik. ML, WERIEEARBIEE, JEFEY 2] #8220 X = R I 5
IR REA I A Ho—, FEREMZEEZCF T, 200 A] 5E S A T 4% 1% L4 5E IR AR A RIE B R R
ARMTH, SEEHAESEPEMEMMER . B2, hEIGES S G N 2 Bz AR E 5 )
S R AT A X e ik ] DA B SR SCARE SR B0 “ 2R ” InF . 11 H. “since” , “hence”
F “as aresult” ELit2 “consequently” ,  “accordingly” &m0 5 2115, i, XAJRESEEX =ANK HiE
TR (A FH A 5 S v o

H—J71H, “therefore” , “thus”, “consequently” , “accordingly” , “dueto” LK “because of”
1) P AE KT 0.05, FHHIXLCAR] LB/ MERHZE F 8 AR B 22 %o 1X 0] R S Bt HY axX 2 3m] 75 5 A
BAHB NG — .

CEERTIR, o DS A o) R AR DR SR AT R AR 1 T OB AN, IXAREL T ARAT I Sk A
P, X 35T BRYR T D805 B Hp e R E iR R e T OGBS s iR, 5l 2 w1
TN R 2 SIS 2 B T B A, B SE S o) B AE B AR G HAKRE “so” A1 “because”
3 IR AR A A, X S B HORHARATT S AGE B B B . /R “since” . “hence”
Al “as a result” &) 5B ARG KR MR EZER, HIEA L “so” F “because” )l H
R ZEREE. M “therefore” ,  “consequently” , “accordingly” , “dueto” LLAz “because of” %51
fEFAREAAL, B R T LS 0N 2 2 3 Re il S vh AR5 & 1) A8 I 10

3.2. BPRARBRERNFEIEF IERREZAERRAS

YF ETS_ZHO iERE R AR G (F s AR)KERZE AT, K, AT IR = AN
2R H (1) DR SRR TR AT T PR AR EE, 450N 10 3R BAIST A 2B, S5 R EIMWE 7 fr.
T B EMME B ARSI X A, AHTE A R IO R Studio H AT AT RIALERLE, (SRS A 6,
Yk EanE 7 Fios.
3.2.1. BiF@EH S

MG T VLRI 7 ol s, WEBRAR LORE, e B v [ i 2 ) 3 A A T DR R RA e by AR
GBI A S 1], X AT Re DDA ATT SN H i SR HE R AR AR ™ o AT S AR AN B Al AR 2 1
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Table 7. Standardized frequencies of causal connectives in different score
ranges sub-corpus of ETS_ZHO

%2 7. ETS_ZHO FREIREGERIER B E R ISEIZR R E LSRR

Causal Connectives High Medium Low
So 152.12 254.18 375.18
Because 223.37 301.76 357.09
Since 77.03 45.01 9.04
Therefore 124.2 82.73 45.2
Thus 61.61 35.58 18.08
Hence 19.26 12.86 4.52
As a result 36.57 25.29 9.04
Consequently 13.48 7.29 4.52
Accordingly 1.96 3.34 0
Due to 44.29 27.43 27.12
Because of 33.7 56.58 0
Total 787.59 852.05 849.79

library(tidyr)

mydf_three <- read csv(“C:/Users/82050/Desktop/ i i P 5 %:4% 1] word.csv™)

# i B O K% R

mydf_three <- pivot_longer(mydf_three, cols = -Grade, names_to = “Connective”, values_to = “Frequency”)

View((mydf_three))
#HEIRTAE
library(ggplot2)

ggplot(mydf three, aes(x = Connective, y = Frequency, group = Grade, color = Grade)) +

geom_line() +
geom_point() +

theme_minimal() +

labs(x = “Causal Connective”, y = “Frequency”) +

theme(axis.text.x = element_text(angle = 30, hjust=0.7))

Figure 6. R code for line plots of the standardized frequencies of causal con-
nectives across different score ranges sub-corpus of ETS_ZHO

6. ETS_ZHO AR M4 E R AEIZTRI £ EIHY R AT

300

Frequency
N
(=3
(=]

o)
c,o‘b\oqp
o

A 3 o
& % &
Xd % oC

Figure 7. Line plots of the standardized frequencies of causal connectives across different score ranges

sub-corpus of ETS_ZHO

Causal Connective

7. ETS_ZHO H A [E] sk 4R Ex H E R 2 E 1R i 4 B

©

,&6

@&0@

,&\)ﬁ

Grade
~*= High
—*= Low

—*= Medium
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WS, BARE HIbE A 2 M DUERERG, 22 G NI LN SO R e, RO
BRI R AL 7T A BSTB R  2) A AR R I F B T 7 AR 2R 2 8, SR T3
G PSR AN — € RN 2 AR, (HAR B s 222k, FTREAE R 2RISR A LI AL o TR RS
BBy 5 3 o DA SR ] ) S AR A P P i —, R BRILIRT “so” A1 “because” JX P/ A R 2 34]
AR AR, P AR T AR S 25 v LA RS #ER], ) “therefore” HOMEAIRZ o SR JE PR AT RE —
J5 T S B SR F K, O R T A SR R R T BIgE R, A
TR G o A R BT R AR

3.2.2. EFERERKIAER S

AR, X “so” Al “because” IX AR FRIEFLIT, TEATA BGHZ UK 50 2 A AR Bt s 1
R, (AR RETER PR, FE AR AW &, JCHE “so” B HTERSUZ IR AR H,
X SR T B SEE 2 2] F A S R R BT, IR X ARG B 1 A K 1

SFFAEEVEd W) “since” ,  “therefore” 1 “thus” 4534 31R] 78 8 BG4l P 4 v
HEE GBI 2 AR IR 2, ARSI A /b, X B8 o AR LG T I RSB 22 20 8, o2k
REf8 R ITis F X Sem) R i B 2 i 4 o0 R . 5 & H AR R (138 “ hence 7, “as a result”, “ consequently ”
AT “due to” SR AR AR M R, AT REPR yix Syl 78 5 5 0 (1 i B b B I AR AN i, AR
P RAGR, NI T BUE FH BE A

g LRTR, HE SR ) E AR RS O R SR A A AR B B R R . RS
S FH RN RGANE FIZH A8, MRS I >3 005 E W AR B 6 1118 4k DA K fi B B Bk ik
Fmdr(RPFE 2 i “so” A1 “because” ). [RIPCTEZLZEA, 28 M SLAZ% B 005 0T 15y 2% 0% H2 1] 1 2022 R s
B, DMERESAERE iR TE, FEAR KRS A TE S, LA X “so” Al “because” %5 1114k 1B
Ta] PR AR

3.3. AXHPEREF IFEAREFAERSI

ASHIE TR A ARG 42 3] AR VR A P AT N DR AN 2 285w UKL, 80 v [ 91 2 ) B AR T AR A
BE e 24 AL A bt Ao P DR SR 3] o S AR SR S AT A 204 AT DA Y o [ 9 2 S 35 A2 S 4 rh A T R SR O
BAr U — R AR a0, #8754 203t T 0 R FIVA ) 1 A PR T B R A P R RO R . BRI
24, AREEAESE PG T 2 AL B RRE R, XA S SRS RN, Lk
FAHENWARAERERGR, SBUESOAEEE, MU A TOR X L B R 8 R 2 20
=28 PURMEHGAR AT DR SRS R] e 2 A Y DA PR SR R sk G

331 AREFTRA

4] 1. People didn’t change job too much once they were get used to on they own job, so that is why people make dif-
ferent types money and how successful their will be. Therefore, people were being successful it is because they knew how
to change their life by change their own job. (ETS_ZHO_LOW)

WA PR IER R, 2B A TR P R RIE KA R RS, IR “therefore” SREIA AR &
RAGHN . BN ZE ] “therefore” R T TE, o AR N AN A% H A H X AT 9 I R B 45
B .

3.3.2. AREFRTEER

1) 2: Mayhbe they have much more important things need to do and share their times, so they consider they are very
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5K N TR

bussy (busy), so they aren’t willing to pay more time to helping their communities. (spend more time helping...)
(ETS_ZHO_LOW)

X =AY G R AT R E SR H L T PRIR “so” , DAIRIETA] “so” I BEAE A 2 2 80E X ERTREL,
1M H 252 )1 i . R AE IR Bl ROz B — > “so” , DMERAFE M H S T, RS
BRIKZANAHER R, WA RNZER, W “therefore” , “thus” , “hence” %, IXFERSLLEIE X
SR, FE A E A TR

3.3.3. BEIRERIAEE

%) 3: For example, nowadays our conversations contain more knowledge and have become broader than before. We

must learn more from anywhere (everywhere) so that we can talked (talk) with others. (ETS_ZHO_LOW)

EXANBIA R, ROAZEFAA) TN “therefore” , AJFHIIBHEICRA GBI, “therefore” &K R
R, RN T AR R AR TOUR, ISR RS MAIRE S, EREME.
1M “therefore” 515 7RI IKC R, U B RAAS R AL B 2 AITRGE HYGREIBE), Bt DAFRATA A0E Tz Hh 2% 5],
PIMEREDS S50 ASSH . BTN “therefore” , W-/M) 2 [A] K12 48 % R A LATE MR IL R . an SR Bk
TRSEAE, W2 SER) T2 A= A B .

g LR, R E PSS 5] TR RS A R R B U HAF AR KR A, A AT & DL F oy QiR X
SRR . ST, BRI R R EERE SRR P I EE AR B . TR SRR,
Ui 2 st 25 AR A P R SO B 4R 5 A AR THBATT I S E S MR K

4, 4Eig

ARIFETFERE LA R WERA “ETS” (FERHE S IE S EIERLE) M “LOCNESS” (JiER1HE S 1E
TERLEE) Hh o [ D1 2 2 5 S AR A A5 DR SR 1] (1) S [R)  DA S (] s B ) v T 4 A )
HAEAE R SRR LR, TR R

B, {EX) ETS #1 LOCNESS 8B} i o B 51 2 2] 5 5 JevB ARG 2 1) D SR E Be1A] 23 Hr b R B,
e ] SR 2 S A P DR SRR A (R A o T O E AR AE 2, AR T AT T A AR A P ) e 4
XA AT REVR T 90 1E BUF PO A B R TG T B il il . Ak, R ESGE ) HAES
PE G HAR R “so” Al “because” , 3 I JETEARIEF AT AR, X S HOHABATT 0] 115 A 2 42
WL . R “since” ,  “hence” M1 “as a result” i 5 SEiB A RS & W F A AF 4 B35 2 57,
{HIZE A K “so” A1 “because” FIf FATR 2 5 8% . 1 “therefore” . “consequently” , “accordingly” ,
“due to” LA “because of” Zinlfff FHAMZEARIL, HHULE R 1 HLUIE 0L T 5% 2 3 e i oaE ARG & (1)
2. BRULAE SR B, 2NN saat B R A Erde 5, b E DGR BB 1 St
Gb, A HAl 2 M OCA N AR B T B

FLUR, AR AN 7] St B i) v B v 2 20 2 R R AR A A L o M b B, v [ v 2 2]
FEAN[F) 85t 2 O DRUR S S ] 1A AP AE W B R M . e ST B ) 2 =) 2 LR SE O A R 5 s
RE T, T ST B I 2% 20 3 10 5 AR AR 3t 0T 18 A DA% ] B B R 308 ) i ep (R B 2 Hb s “so” A
“because” ). 1L )2 2] FH AL R ER R R BT im0 MG A ). I E T, &
Uil 12 LN SR v R () U A S, DM AR R ST R T, Rl R MK ST F A e =, H58h
AbATT S AR B ] o AR, T AR AR 2R IE RG], DR TR I SR RE

B, AR [ ST A 2] 3 D RG] A R A ORI, B [ TR A ) AR B AR A RE TR
BYCTE fff R A FH R SR 4] o X SO 1A (P (6 P AR R B A =2 DRI SRR R A L R SR 1] o A
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FICA R AR A SRR o DAL, IERA ] A ARG A S AR A R BV EA R B 8 T S AE
R, MR = et 22 A A8 T R RGERR R 5 A RARTHIATHI SETE S KT

&5k
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