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Abstract

In this paper, a scalable model averaging method is developed for the linear regression models
with response missing. By using inverse probability weighted method and the singular value de-
composition to transform the original models, this method enables us to find the optimal weights
by considering at most p candidate models. The weights can be selected by Jackknife criterion, and
the sum of weights is not necessarily restricted to one. Under some mild conditions, it is shown
that the proposed method is asymptotically optimal in the sense of achieving the lowest possible
squared error. Some simulation studies are conducted to illustrate the superiority of the proposed
method in terms of both predictive efficiency and computational cost.
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Figure 1. The MSE ratios of different model averaging estimators
1. NEIER T4 TTER 3 R A MSE LE{E
Table 1. The computational times (seconds) of different model averaging estimators with different feature dimension p
= 1 NEFHELE p TREFIE AT ERE F)
p 5 7 9 10 11 13 20 25
n=>50 M-JMA 0.00 0.03 191 14.11 104.14 7899.01 _
M-SIMA 0.11 0.19 0.26 0.31 0.51 0.68 181 2.69
CC-SIMA 0.09 0.17 0.25 0.42 0.35 0.62 1.65 2.70
n =300 M-JMA 0.01 0.08 3.08 24.50 219.10  18127.52 _
M-SIMA 7.78 19.54 34.29 38.03 47.61 67.86 203.68 273.28
CC-SIMA 8.77 19.57 33.24 30.11 54.82 63.09 191.28 318.67
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Je MR REL, FEARRKMI n = 150, HRE = 0.3)8, M-JIMA A[FELL CC-SIMA RILFH % . X
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