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Abstract

With the development of the big data era, the frequent privacy leakage problems in APPs affect
users’ willingness to disclose their privacy, which in turn is related to APP development. To help
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APPs develop better, we study the situation and influencing factors of APP users’ willingness to
disclose privacy to provide a theoretical basis for it. First, we use Python to visualize user privacy
disclosure and find that most users believe that the app over-collects personal information. Se-
condly, based on privacy computing theory and communication privacy management theory, we
identify the influencing factors from the perspective of users’ emotions and behaviors, design a
collection questionnaire, construct structural equations, and obtain that perceived usefulness, ha-
bituation, and social media trust have positive effects on disclosure intention, and perceived riski-
ness, privacy control, and privacy concern have negative effects. Finally, we build a random forest
model to explore the core factors, with perceived riskiness and privacy concern as the core factors
in terms of accuracy, and habituation and perceived usefulness as it in terms of GINI index.
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Figure 1. Cloud map of users’ perception of privacy disclosure words
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Table 2. Standard load of each factor, Cronbach’s a, CR, AVE
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Figure 2. Amos path analysis diagram
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Figure 3. Error diagram of random forest model with different number of decision trees
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Table 4. Error diagram of random forest model with different feature numbers
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Figure 4. Rank of importance of independent variables in the random forest model

E 4. BENAMRE D RSN EEMHF

6. &t

T

15

PU3
XG2
PU2
XG3
1C3
PC1
SMT1
1C2
XG1
PC3
PU1
PR2
SMT2
PR1
SMT3
IC1
PC2

Variable Importance

DL GINI F550/E bR, PU3. XG2. PU2 BB HERT =4,

T

0

T
5

10
Mean Decrease Gini

ASCAERAATH SRR . VA FERL i BB S AR HLAR MO R PR i ik B, TR ANAT P A FE
Ko WETUH P R B IR R 2 R R A BRI IR B RS P AN A S RS A

AN RS SIE RARERIERBSAA Y. SRR 458

1) WTEBAREEA, BAHE AL S A AR X B AL e e S IR i . P A A SRR 7
EMNEELIE A5 THR, MR E, Rk s B sR 2 o AR ST A AR e RL 9
BB L o e S A AR A R, P A A2 R R B AL VD BOBRAS AE, UBR S B 308 A SRS 2.
JRRGRI PR ot A B0 e T BB AT T I M o A S AR A 0 S B S U 2, B A P A i A i
PRI S SRR SEE R, AR IS & LSRG HER RIZ 0T, TS SR, T R 21 X

RrmtoR, wlsA e B AT IR I .

WATHFER, TR AR BB ERM . RIS R A A BT, W4
5 AT IR RE, AT RS KL o WSV PR W R B8 R SRR S 0. i P
HEACBR RIS AT MR I KL L 22 KK UG FE P O R B SR R KR
X BB BT G, 5 B B R A 0 4 R e B AT A2 125 0 1

ANt 5 PR B 7 2 (R K IR AN HER o

DOI: 10.12677/sa.2022.113073

692

Giit 5 5


https://doi.org/10.12677/sa.2022.113073

R %

2) BEMUARAMBE R S5 R AFRE 1 25 DA 30O B AL i R SRR BE K/ o DLVEERA RO ARifE, I XU

P ARG S A o FH P B A 30 8 S O R M e EL L1, BT P 0 T N5 R X — AT e SR K
A 2% B A FAE B R RE I F - IORS AL B B . LA GINI AR EUE ubrite, SJSTVE RS A I A2 5
F P AL R R B R E, AP X A5 B AT 9 I3RS 1) ot A S A P 2 75 ST T AEAE S
RAT B RN GBS EIRRREE LR2m - (R AL R e

Sk

[1] 3, EBRE, SrEmk BATRESHSEANH S P E AR SRR i i ——5 T 3UE S5 008
ELi AT [I]. TR A&, 2018, 37(5): 169-175.

[21 #igk, RTWH. ELETF 6 RASEEAT MR R R[], BEaeE B2, 2021, 42(6): 16-23.

[8] ZEEifh, MRrPBH, FRndk. 7ELRMERALX A P RRRAMERAT AR MR AT 7L 0], RS K, 2022, 35(9): 5-9.

[4] &, AN, EL@RALX PRSI AW R AI] B e R 2k (k2R ), 2022,
24(2): 42-55.

[6] =¥, 4. S EARABCRE S AR SUER T — AR R AR I]. (5 B T IR 2R,
2021, 11(1): 49-58.

[6] Petronio, S. (2002) Boundaries of Privacy. State University of New York Press, Albany, 268.

[71 XVER, FhCHE. Va3 R B B I AR A T R s (5 BB T SR AR AT ST 0], B ERRLAE, 2021, 34(6):
76-87.

[8] ¥, WhOREF. HIKMH AR AT AR R RO ], BARIER, 2022, 42(6): 121-131.

[0 FRECE, [0, JhE. AT P BRI R R R N B R SHIERT 0], B E IR AR, 2020, 64(16):
92-104. https://doi.org/10.13266/j.issn.0252-3116.2020.16.010

[10] SBiFFe, THALF, VPP, bl iR A5 B B e R R i B R A i 5 S —— DARUE H P R[] A5 1
W TAE, 2019, 63(15): 111-120.

[11] Mouakket, S. and Sun, Y. (2019) Examining Factors that Influence Information Disclosure on Social Network Sites
from the Perspective of Network Externalities. Industrial Management & Data Systems, 119, 774-791.

[12] R, xFEH. SEERACH ARG DR DN NG BRI AT SRR T[], B S5, 2019(2): 76-82.

[13] AT A FHL APP AN B2 A E IR E 0] T 7B R B 34k, 2018(4): 6.

https://kns.cnki.net/kcms/detail/detail.aspx?dbcode=CIJFD&dbname=CJFDLAST2018&filename=GXZ1 201804007 &

uniplat-
form=NZKPT&v=UiHHhgB 4ELQ uSmRhV8hiBEKMrEHFKTQL-F5 jMOHbwHSH2rDrQh9FTFDJDGmM

DOI: 10.12677/5a.2022.113073 693 Gt 5 3


https://doi.org/10.12677/sa.2022.113073
https://doi.org/10.13266/j.issn.0252-3116.2020.16.010
https://kns.cnki.net/kcms/detail/detail.aspx?dbcode=CJFD&dbname=CJFDLAST2018&filename=GXZL201804007&uniplatform=NZKPT&v=UiHHhgB_4ELQ_uSmRhV8hiBEKMrEHFKTQL-F5__jM0HbwHSH2rDrQh9FTFDJDGmM
https://kns.cnki.net/kcms/detail/detail.aspx?dbcode=CJFD&dbname=CJFDLAST2018&filename=GXZL201804007&uniplatform=NZKPT&v=UiHHhgB_4ELQ_uSmRhV8hiBEKMrEHFKTQL-F5__jM0HbwHSH2rDrQh9FTFDJDGmM
https://kns.cnki.net/kcms/detail/detail.aspx?dbcode=CJFD&dbname=CJFDLAST2018&filename=GXZL201804007&uniplatform=NZKPT&v=UiHHhgB_4ELQ_uSmRhV8hiBEKMrEHFKTQL-F5__jM0HbwHSH2rDrQh9FTFDJDGmM

	大数据时代隐私披露意愿的统计分析
	摘  要
	关键词
	Statistical Analysis of Factors Influencing Willingness to Disclose Privacy in the Era of Big Data
	Abstract
	Keywords
	1. 引言
	2. 理论基础
	隐私计算理论和沟通隐私管理理论

	3. 隐私披露意愿的词云图
	4. 调查问卷
	4.1. 问卷设计及数据收集
	4.2. 信度与效度检验

	5. 隐私披露意愿的影响因素及强度
	5.1. 结构方程模型的适用性测度
	5.2. 假设检验结果分析
	5.3. 基于随机森林模型的研究
	5.3.1. 数据分析与模型拟合
	5.3.2. 特征重要性的提取


	6. 结论
	参考文献

