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Abstract

An effective prediction on tourist number is good for government and related departments taking
steps timely to cope with passenger flows. At the same time, it can provide proposal for develop-
ment, planning and management of local economy. This article adopts monthly data of tourist
number coming to Guangdong Province from 2001 to 2017, takes advantage of its long memory,
establishes ARFIMA model, and separately predicts twelve months’ tourist numbers in 2017. The
result shows that the prediction is effective by comparing true value with predicted value.
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Figure 1. Traveling number sequence diagram
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Figure 2. Traveling number autocorrelogram
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Figure 3. The sequence diagram after the first difference and the first seasonal
difference
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Augmented Dickey-Fuller Test

data: traveldatadiffis
Dickey-Fuller = -9,7522, Lag order = 5, p-value = 0.01
alternative hypothesis: stationary
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Figure 4. ADF test
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Figure 5. Clear short memory factor sequence diagram
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Table 1. Model choose
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Table 2. True value and predicted value
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Figure 6. Autocorrelation function of agriculture and forestry’s index
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