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Abstract

With the development of machine learning technology, more and more scenarios of computer in-
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telligent service appear in people’s work and life, especially since 2006, machine learning tech-
nology has made great progress, some key technical problems in the field of natural language
processing have been solved, and the performance of human-machine interaction of intelligent
service system based on machine learning technology has been greatly changed. However, in the
field of aeronautical meteorology, the research of machine learning technology mainly focuses on
the improvement of prediction accuracy, such as numerical prediction. With the development of
machine learning technology, it has a broad application prospects in meteorological intelligent ser-
vices.
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Figure 1. Flights taken off and landed at China’s civil airports from 2015 to 2019
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Figure 2. Structural drawing of pipeline method
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Figure 3. Structural drawing of text dialogue system
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Table 1. Semantic slot extraction description
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Figure 4. Sequence marking flow chart based on rule method
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