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Abstract

In order to alleviate the situation of more ophthalmology patients, few doctors and huge medical
pressure in China, an algorithm for classification of retinal OCT images with LPQ features is pro-
posed. Firstly, the acquired OCT images are preprocessed in three steps including the perceiving
phase, the fitting phase and the cutting phase; Secondly, LPQ features are extracted; Then PCA
method is used to reduce the dimensionality; Finally, the SVM is employed for classification of im-
ages. The algorithm is verified on Duke retinal data set, and is compared with those methods
which use LBP feature, Gabor feature or SIFT feature. Experimental results show that the LPQ fea-
ture can obtain relatively better classification results.
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Figure 1. Flow chart of our algorithm
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Figure 2. Illustration of image preprocessing: (a) Original retinal OCT
image; (b) Denoising; (c) Remove and fill in blanks; (d) Binarization; (e)
Median filtering; (f) Morphological closing; (g) Morphological opening; (h)
Polynomial fitting; (i) Aligning
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WIEAERE IR £ (x) ERIEAMEER R x B M < M R ATIE N, BT Bl L AR e U A5 8, B

F(u,x) = z f(x)efjmr(y*x) =w'f. (1)
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Figure 3. The curves of mean accuracy vs. dimension
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Table 1. Comparison of classification results

=1 DRLERIEE

EER = LRGN FAEERL IR ER B R
LBP 7375 550 89.45%
Gabor 20,000 500 91.64%
SIFT 22,528 350 91.85%
LPQ 32,000 800 92.51%
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