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Abstract

The Al model of smart Q&A for college admissions is an applied research project, and the devel-
opment and application of the model are driven by multiple factors such as meeting the demand
for admissions information, improving admissions efficiency and user experience, and coping with
human resources pressure. The model is constructed using Al technology, and the project func-
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tions of intelligent response and instant Q&A are realized through the use of deep learning
frameworks, iterative model training and other technologies. On this basis, cross-platform, zero
installation, and user interface consistency are guaranteed to enhance the user experience. At the
same time, the maintenance and update of the model is simple to operate and easy to expand and
integrate. Providing integrated and comprehensive, convenient and clear answers and reasoning
suggestions helps to improve the efficiency and user experience of the enrolment process, and
promotes effective communication and exchange between universities and students.

Keywords

Higher Education Enrolment, Al Technology, Deep Learning, Iterative Training

Copyright © 2024 by author(s) and Hans Publishers Inc.
This work is licensed under the Creative Commons Attribution International License (CC BY 4.0).
http://creativecommons.org/licenses/by/4.0/

1. 3]

HEREF SRR RES, BERAZ RS, REREESBED. #% 202249 4, £2HE
KA 291 12N, TEE524 TR 3000 FIf, ASHi i 2428 OB 4430 /5N, H4ESE 1000 J5, ZESHE
NECEPLD vk, REGE 2 KA, EIRAE R TR T 1], SRk A IR S =R,
AR A B IR P . AW ARSI B, A SRR A BRI Y, B R
HI. Wi BIBIRA LI B S EAREY, #HAERERESRET G, BeEAEME KR L HHE
e R, 15 EEHA KBRS INARE, EHREREE,

B E I =A™ 32 B2 AR E i PE (O 77 Bl Jn iUk & F & 4E8 56 . P EAN CNKI iRSFR)
KR T 5SmSR & RGARIE . RN 13 FARSE S, HhEEARNA 9 M. Kbt
WARZERG R PRSI AT . DURESE[2]. Sk [3]FIE FHA BT A, &
153 50 NERARBE T FITT R IRFE . 1078 R S8 AR S5 My AL T Java BERISEE,  DLRHL 38 2 STROR TR JiE 2
SJVNGREE 7 AR 2 RGUHAT T8 R0, RAEFEX AT, HitE WIS — AN E
PR E AR RN A RS
2. BEREREALRSNA

AT B ENS B R 8 A A B I T AR B AT e . eI H R R R H — e R
(IR R RS, SRTPERARAEAE TARRCR . TH ML A 1 s
2.1. BRI

2.1.1. BIBWESTALE

TETE I B, B B0 F U R AR A S I BARRE A, R AT 50808 1 79 Ak 22 AR (R B
M. XEFRET. P IGRX TS IR, DR I A RE R B
2.1.2. WL MLEIEH

TEFHAE B IERII B, BRATTE SEIR ) T IEIA M M2 (RNN), Xt —Fh A0 12ThRE, HAF AR
8 %F PP B AT A0 3, S A T A R AT IC I RAE SR SR R N AR . bedn,  FRATTEE AT A

][l

DOI: 10.12677/csa.2024.145132 240 H LR 15


https://doi.org/10.12677/csa.2024.145132
http://creativecommons.org/licenses/by/4.0/

ETH %

“RADEE” HINE] RNN H1o RNN 2R AR AGEAN 31, HRAEACERREA BIm i, 256 2 i AbHR I 11
BARREE. MT “3R”, RNN 20 HAHMT g Mot SAE0 T “A2” , RNN 2FE “3” 1E
BULR B “RIE” ER; BUaxHT “i% 7, RNN S44 2 B A 3 45 Bk il . JEid
XFEMT7E0, RNN GBS R 741 AR B B SO EoRIEEAT O AR 2 . R ] 1 Fos e

Figure 1. Recurrent neural network
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Figure 2. Long short-term memory
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Figure 3. Neural language processing
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Figure 4. User interface
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