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Abstract

In the military context, aiming at the problem of the limited amount of available data and the dif-
ficulty in evaluating talent development potential, an effective method for constructing an evalua-
tion model for the development potential of military talents is proposed. To effectively improve
the amount of available data for model training, the idea of sharding key data according to time
important nodes is adopted, which exponentially increases the dataset. In terms of model con-
struction, in order to effectively identify important factors that affect talent development potential,
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the random forest algorithm is used for model training. Finally, the validity of the constructed and
generated model is proved by mutual validation through both the training-generated model and
the expert’s experience for the same batch of data for talent development potential assessment.
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Figure 1. Model algorithm processing steps
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Figure 2. Work resume data
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Figure 3. Cross temporal personnel profile data
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Figure 4. Sample labeling flowchart
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Figure 5. Sample and annotation diagram
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Figure 6. Principles of random forest training model
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Figure 7. Process flow for training and potential prediction of random forest models
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Figure 8. Importance of characteristic factors
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Table 3. Prediction of personnel development potential
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