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Abstract

In blended teaching, how to answer students’ questions in the learning process in a timely manner
is a headache for teachers. With the help of Al technology, it is very important to develop a teach-
ing assistance system that can automatically respond to students’ questions. This article intro-
duces ChatQA, a conversational system that can help teachers and students solve course learning
problems. Through the deep learning model, the system can have a natural and coherent dialogue
with students, answer students’ questions in course learning, and effectively alleviate the burden
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of answering questions on teachers. The design principle and prompt optimization method of the
system are discussed in detail, and the questions of the software engineering course are tested,
which shows the usability of the method and has a good effect on automatic Q&A.
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Figure 1. Overall structure and data flow illustration of ChatQA
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Figure 2. Prompt tuning illustration
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Figure 3. Top-p dynamic candidate output selection
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Figure 4. The initial response of Ernie3.5 to Q1
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Figure 5. The initial response of Ernie3.5 to Q2
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Figure 6. The response of ChatQA to Q1 after prompt tuning
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