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Abstract

Data, as a fundamental strategic resource, has a profound impact on the construction industry.
Based on the common requirement of data, decision-making requires in-depth exploration of data
value. The effective utilization of data can not only form enterprise data assets, promote the im-
provement of decision quality, but also have a positive effect on industry development, clarify the
digital empowerment mechanism and promote the realization of digital transformation. Based on
this, this article proposes a dynamic loading technology solution for multi-source and multimodal
data, clarifying the multi-source and multimodal nature of data, and sorting out corresponding
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data cleaning technologies. Finally, the closed-loop management of the project is achieved through
the construction of a data management platform, while helping end data users make decisions.
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Figure 3. Overall architecture diagram of data management platform
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